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Image Forgery Detection and Localization (IFDL)
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Brief Summary
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In this work, we have three contributions.
• A hierarchical fine-grained formulation helps learn 

comprehensive representation for IFDL.

• We propose HiFi-Net, which performs well on IFDL, also 
identifies a diverse spectrum of forgery attributes.

• A new dataset (HiFi-IFDL) to facilitate the hierarchical fine-
grained IFDL study.
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We first interpret the forgery attribute of each image



Hierarchical Fine-grained Formulation
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We encourage to learn multi-level forgery attributes.



Hierarchical Fine-grained Formulation
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Following the hierarchical nature.



Hierarchical Fine-grained Network (HiFi-Net)
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Hierarchical Fine-grained Network (HiFi-Net)
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HiFi IFDL dataset
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We construct a dataset to facilitate HiFi formulation.



Detection and Localization performance
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Forgery Attribute Classification
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More Visualizations
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More analysis on the classification and localization can
be found in the poster.
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