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Synthetic Pre-training

The convolutional encoder is trained to perform style classifi-
cation on a synthetic dataset capturing high variability.
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ALL IV-S IV-U OO0V-S 0O0V-U Long-Tail Digits
TS-GAN 20.65 118.56 128.75 127.11 136.67 FID CER FID CER
GANwriting 20.55 120.07 124.30 125.87 130.68 IGAN 26.08 8.63 26.08 101.53
HWT 10.40 106.97 108.84 109.45 114.10 WT 40.95 20.36 40.95 098.47
VAT (Ours) 17.79 8820 91.11 98.57 102.22  VATr(Ours) 21.36 11.85 21.36 94.66
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ALL  IV-S IV-U OO0OV-§ OOV-U Long-Tall Digits
TS-GAN 20.65 118.56 128.75 127.11 136.67 FID CER FID CER
GANwriting 20.55 120.07 124.30 125.87 130.68 IGAN 206.08 8.63 206.08 101.53
HWT 19.40 100.97 108.84 109.45 114.10 WT 40.95 20.36 40.95 938.47
VATr (Ours) 17.79 88.20 91.11 98.57 102.22 VATr (Ours) 21.36 11.85 21.36 94.66
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® [he pretrained style encoder stabilizes the training process
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® [he pretrained style encoder stabilizes the training process

® [he pretrained style encoder reduces the artifacts in the output images.
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® [he pretrained style encoder stabilizes the training process
® [he pretrained style encoder reduces the artifacts in the output images.

® [he Visual Archetypes better exploit the repetitive visual patterns of the characters.

-----------------------------------------------------

Content VATY HWT
6887 5651 5051 GBAT BESL SOR  Jrew UG, Lhey
5107 7311 0216 | SIOT T2/1 RUC  GyAw sgmp Heyf

— e e e e e e = e e = = e = = = = = = = = = = = = = = = = e = - = = = e = = = = — =




The pretrained style encoder stabilizes the training process
The pretrained style encoder reduces the artifacts in the output images.
The Visual Archetypes better exploit the repetitive visual patterns of the characters.

The Visual Archetypes allow handling out-of-charset characters.
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