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Previous works for inverse rendering

• Learning-based method with single-view images

• Optimization-based method with multi-view images

Li et al. 2020, Inverse Rendering for Complex Indoor Scenes
Zhu et al. 2023, I2-SDF
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Learning-based method with multi-view images



Multi-view HDR synthetic dataset creation

• OpenRooms FF, an extension of OpenRooms to a multi-view setup.

OpenRooms FF

Li et al. 2021, OpenRooms

OpenRooms
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Method – target view analysis stage
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Method – material estimation stage
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Method – material estimation stage
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Method – lighting estimation stage
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Evaluation – synthetic indoor scene
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Evaluation – unseen real-world scene



Evaluation – object insertion in synthetic indoor scene

Input ImageLi et al. 21MAIR(Ours) Li et al. 21MAIR(Ours)



Evaluation – object insertion in unseen real-world scene

LighthouseInput Image MAIR(Ours)Li et al. 21



Additional object insertion results in unseen real-world scene
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