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We propose PIVOT, the first prompt-based strategy for
video continual learning that leverages large-scale
multimodal knowledge of CLIP.
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[ > 4‘ ) PIVOT outperforms SOTA baselines by 31%, 27%,
- ' and 17.2% in the 20-task setups of Kinetics,
‘ l ActivityNet, and UCF101 in the vCLIMB.
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Takeaway

We show that a multimodal classifier (Video-Text)
mitigates catastrophic forgetting while greatly increasing
the final average CIL accuracy.
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Motivation PEV(T

We hypothesize that careful multi-modal modeling can help the model to remember
with even fewer memory samples.
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CL Benchmark PaVC

We evaluate our model in the challenging vCLIMB benchmark. It includes three well-
known video datasets: UCF101, Kinetics, and ActivityNet.
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