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OBJECT-LEVEL SELF-DISTILLATION

¡ Where are the 
objects ?

¡ How to match 
objects ?

¡ Efficiency ?
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1. IMAGE-LEVEL SELF-DISTILLATION
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3. RESULTS



IMAGE-LEVEL SELF-DISTILLATION



IMAGE-LEVEL SELF-DISTILLATION

¡ Encoder: 

¡ Augmented view: 

¡ Dense representation:

¡ Image-level representation:
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IMAGE-LEVEL SELF-DISTILLATION
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IMAGE-LEVEL SELF-DISTILLATION
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IMAGE-LEVEL SELF-DISTILLATION

¡ Loss function :

¡ Self-distillation:
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OBJECT-LEVEL SELF-DISTILLATION



OBJECT-LEVEL SELF-DISTILLATION

¡ Goal:

1. Self-distill object representations cross-view.

¡ Requirements:

1. Object representations in each view.

2. A matching between representations from each view.
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OBJECT-LEVEL SELF-DISTILLATION

¡ Discover objects:

¡ Split assignment view-wise:

à free cross-view matching !

¡ Compute object-level representations:
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OBJECT-LEVEL SELF-DISTILLATION

¡ Object-level loss:
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OBJECT-LEVEL SELF-DISTILLATION
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JOINT SPACE CLUSTERING

¡ Sinkhorn Knopp algorithm:

¡ Constrained (avoid collapse).

¡ Fast.

¡ Semantic cost

¡ Positional cost
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JOINT SPACE CLUSTERING

¡ Total cost:

¡ Optimization:
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RESULTS



ONLINE CLUSTER VISUALIZATION
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ONLINE CLUSTER VISUALIZATION

Spans a single view only
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DOWNSTREAM LINEAR SEGMENTATION
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CONCLUSION

¡ Novel online centroid-level self-distillation 
algorithm.

¡ Clustering/matching in single step:

¡ Efficient.

¡ Free cross-view matching.

¡ Object present only in single view ?

¡ Excellent performance on dense 
downstream tasks.
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SEE YOU AT THE POSTER!
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