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Motivation
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The matching procedure does not consider the 3D shape prior



Different pose refinement paradigms

The standard starategy Our starategy
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The overall framework
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Shape-constraint correlation space

(a) Standard (b) Shape-constraint

(a) The baseline strategy (b) Our strategy

— More accurate flow and pose

~ Embeds the shape prior
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Results
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Inference

- 70

=

&

=
50| —prA 50 s

Ours | Ours

0755 10 15 20 25 30

STD of rotation noise(deg)

— More robust to initial pose

<~ Much more accurate
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(a) Target  (b) Initialization (c) PFA (d) Ours



Thanks




