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® Existing Methods
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Our Method
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® The content alignment subnetwork removes ghosts and generates content of saturation and misalignment.

@ 1he Transformer-based fusion subnetwork aims to generate high-quality ghost-free HDR images from the
extracted features of LDR inputs.



Our Method

® Content Alignment Subnetwork
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Our Method

® Transformer-based Fusion Subnetwork
Transformer-based Fusion Subnetwork
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Experiment

® Datasets w/ Ground Truth.

Our RL\lit LDR Patches
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Experiment

® FEvaluation on Datasets w/o Ground Truth.

Our Result LDR Patches

Our Result LDR Patches
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Experiment

® Quantitative Result

Datasets | Models Sen Hu Kalantari DeepHDR AHDRNet NHDRR HDR-GAN ADNet APNT CA-ViT | Ours

PSNR-p | 40.95 32.19 42.74 41.64 43.62 42.41 43.92 4376 4394 4432 | 44.64
PSNR-L 38.31 30.84  41.22 40.91 41.03 41.08 41.57 41.27 41.61 42.18 | 42.47
Kalantari | SSIM-p [0.9805 09716 0.9877 0.9869 0.9900 0.9887 0.9905  0.9904 0.9898 0.9916 [0.9915
SSIM-L  |10.9726 0.9506 0.9848 0.9858 0.9862 0.9861 0.9865  0.9860 0.9879 0.9884 |0.9894

HDR-VDP-2 | 55.72 55.25 60.51 60.50 62.30 61.21 65.45 62.61 64.05 66.03 | 66.05
PSNR-pu 31.48 36.56 41.60 41.13 45.76 45.15 45.86 46.79 46.41 48.10 | 48.46

PSNR-L 33.58 36.94 43.76 41.20 49.22 48.75 49.14 50.38 4797 51.17 | 5191
Hu SSIM-p¢ 10.9531 0.9824 0.9914 0.9870 0.9956 0.9945 0.9956  0.9908 0.9953 0.9947 10.9959

SSIM-L  [0.9634 0.9877 0.9938 0.9941] 0.9980 0.9989 0.9981 0.9987 0.9986 0.9989 [0.9991
HDR-VDP-2| 66.39 67.58 72.94 70.82 75.04 74.86 75.19 76.21  73.06 77.12 | 77.24




Experiment

® Ablation study

Table 3. The Ablation study on Patch Utilization method

Table 2. The Ablation study on Kalantari dataset Patch methods | PSNR-;¢ PSNR-L HDR-VDP-2
PM 4324 40.60 63.10
PA 44.64 42.47 66.05
Models PSNR-i1 PSNR-L. HDR-VDP-2
1.Baseline 43.56 41.72 63.80
2.+GA 43.99 41.95 65.43 ; /
3.+PA 44.22 42.03 65.57 v v
4 +GA+PA+Gating 44 .49 42.32 65.98
5.+GA+PA+Addition 4428  42.10 65.79
6'+GA+PA+COITC3t 44.32 42.16 6_5 .84 Figure 8. Visual results of ablation study.
7.+GA+PA+Gating+DL | 44.60 42.41 66.03
8.A-DRDB 44.06 41.66 65.49
9.0urs 44.64 42.47 66.05

PA M PA

Figure 9. Visual results on PM and PA methods.
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