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Image Exposure Correction

 Images captured under improper exposure conditions often suffer from under-exposure or 
over-exposure problems, as shown on the left.

 Image exposure errors can occur due to several factors: errors in measurements of through-the-
lens metering, hard lighting conditions, dramatic changes in the brightness level of the scene, 
and errors made by users in the manual mode.
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Motivation                          

The under and over-exposure images often suffer from contrast degradation and detail distortion. 

• Contrast degradation will destroy the statistical proper ties of low-frequency components.
• Detail distor tion  will disturb the structural proper ties of high-frequency components
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Previous Methods

Deep Retinex Decomposition for Low-Light Enhancement

Learning Multi-Scale Photo Exposure Correction
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Overview of our proposed DAConv. (a) In the training phase, each TConv in baselines is substituted by a DAConv. 
(b) After training, the DA, CA, �푑� and �푐�are aggregated into a single TConv again by aggregating.

Proposed Method
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The bold and bold* represent performance training with Vanilla Conv(VC) and proposed DAConv.
The bold and bold represent our cost-free improvement compared to the baselines VC and a slight degradation after using DAConv.

ME dataset and SICE dataset.

Exper iment Results
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The bold and bold* represent performance training with Vanilla Conv(VC) and proposed DAConv.
The bold and bold represent our cost-free improvement compared to the baselines VC and a slight degradation after using DAConv.

Exper iment Results

LOLV1, LOL-V2-R, and LOL-V2-S datasets.
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Compar ison of Enhanced Results

The Compar ison of Enhanced Results on SCIE datasets
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Feature visualization

Feature maps of Contrast Aware  and Detail Aware Unit
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