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Test-Time-Training [1]

[1] Sun  et al. "Test-time training with self-supervision for generalization under distribution shifts." ICML, 2020.
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Results - Image Classification

Top-1 Classification Error (%) for all corruptions in ImageNet-C (level 5). Lower is better. All results are for a ResNet-18 network pre-trained on the clean 
train set. Source denotes its performance on the corrupted test data without any adaptation. 

(* - Fully Test-Time Approaches, † - Approaches requiring some supervision from the training data)
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Results - Object Detection
77

(* - Fully Test-Time Approaches, † - Approaches requiring some supervision from the training data)

Mean Average Precision (mAP@50) for a KITTI pre-trained YOLOv3 
tested on rain, fog and snow datasets. Higher is better. a) Results for the 
most severe fog level, i.e. only 30m visibility. b) Results for the most 
severe rain level, i.e. 200 mm/hr rain intensity. c) Results for snow. 
Best mAP is shown in bold, while the second best is underlined.

Online adaptation for each individual weather condition 
and comparison with baselines. We again report the 
Mean Average Precision (mAP@50) averaged over all 
the 8 classes in the KITTI dataset.
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Goal: Driving Continuously in Bad Weather
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Adaptation in Stationary Scenarios 
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Ablation on Design Choices
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Ablation study on design choices of ActMAD. We use a Wide-ResNet-40-2 for CIFAR-10C, and report the mean performance over 10 experiments for each of 
the 15 corruptions. We use YOLOv3 for the KITTI-FOG experiment.



Order Does Not Matter
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Object Detection - STF - YOLOv3
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Object Detection - CityScapes - Faster-RCNN
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Order of Weather Does Not Matter
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Object Classification Results - CIFAR100
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Object Classification Results - ImageNet


